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Abstract 
Antisense oligonucleotides (ASOs) are a growing class of pharmaceutical products. 
However, aggregation and particle formation of ASOs may decrease their bioactivity
and negatively impact product safety. Silicone oil is widely used as a lubricant during 
manufacturing and packaging of biopharmaceuticals. In this study we investigated 
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Histog ram of Aspect ra tio for both classi f ications 
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