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Background: Physiological closed-loop controlled (PCLC) medical devices = Model development: A mathematical model of HR is developed and Model calibration: Across all 21 calibration datasets, the average Table 2. Percentage of subjects satisfying the NIS acceptable criteria. An
are a rapidly advancing type of technology that can control a measured implemented in MATLAB. To capture the long-term HR response due to = normalized root mean square error (NRMSE) was found to be 7.4 + 2.8%, acceptable NIS of 0.5 allows maximum 25% deviation of the HR envelope
physiological variable in a closed-loop manner. blood loss, a proportional-integral controller is implemented into the indicating that the model was able to estimate the observed HR responseto  from the observed HR value.

model, which enforces the change in HR to follow the expected long-term  fluid perturbation with a small error.
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Experimental data: 16 hemorrhagic sheep received Lactated Ringer (LR) ~ Well as a uniform distribution method are used to generate virtual patients. Figure 6. 957 percentile envelope for predictive capability assessment for R f
fluid infusion. Amongst the 16, 5 sheep were also given Colloid in a separate a fully virtual subject. Among 18522 simulations, only those with the ererences
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