Assessment of trabecular bone stiffness
using radiomics and deep-learning features
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Abstract Results and Discussion

« Dataset: 70 uCT images of individual lumbar vertebrae
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Figure 2. Example images simulated from pCT. Images simulated using a

stiffness of trabecular bone specimens imaged with micro-CT (B) high-resolution CT configuration were used in this work.

(uCT). The same analysis cannot be applied to clinical CT images
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effectiveness of 3 features sets at estimating the uFE-derived 3D ResNet-18 Prediction Model
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models for uFE-derived bone stiffness prediction using DL,
radiomics, and GST features from simulated high-resolution CT
images. Texture features can be extracted using both DL
Latent variable flattening approaches and feature-engineering (radiomics). For our dataset,
DL features provided better stiffness prediction compared with
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70 Lumbar Vertebral Bodies

- 51 um voxel size (isotropic)
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